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In this article, the research in the areas of competitive environment detection, pricing

formation, and pricing methods has been conducted. A competitive environment is emerging

in different markets and areas. To identify a competitive environment, we can use the

following methods: analytical, expert and simulation. So, the application of basic

mathematical models of price forecasting in a competitive environment has been investigated

and described. Stage pricing in market conditions is an important element in the development

of economic mechanism of production, provides supply and demand balance, influences

the interests and needs of society. The basic methods of detection of the competitive

environment, the most common methods of pricing and the time series method and the

method of neural network forecasting for conducting the price forecast in the competitive

environment are considered. It is updated that subjective forecasting of the same number

of variables on a regular basis can be very time-consuming. It was determined that there

was a way to achieve maximum effect in the field of forecasting with the help of «artificial

intelligence», when the computer itself can learn, because by increasing the amount of

information resources used in the model, the accuracy of the prediction increases, and the

damage associated with uncertainty in decision making, they decrease, and it is possible

through the use of neural networks. Finance is extremely non-linear, and sometimes stock

price data can even seem completely random. Traditional time series methods, such as the

ARIMA and GARCH models, are only effective if the series is stationary, which is a

limiting assumption that requires pre-processing the series by receiving journal returns (or

other transformations). However, the main problem arises when implementing these models

in a real trading system, as there is no guarantee of stationarity when adding new data.

They are struggling with it through neural networks that do not require any stationarity. In

addition, neural networks are inherently effective in linking data to using it to predict (or

classify) new data.
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Introduction
The key concept that expresses the essence of

market relations is the concept of competition (Latin
Concurrere – encounter, compete). Competition is
an essential feature of the various activities in which
conflicts of interest occur. One of the first scientists
who formulated the concept of competition was A.
Smith, who viewed it as a rivalry that raises prices
(with a reduction of supply) and increases prices
(with an excess of supply). The interpretation of
competition given by Smith implies the presence of
other elements that characterize the competitiveness
of participants in trade relations. As a result, A. Smith
defines five conditions of competition:

1. Competitors must act independently and not
in concert;

2. The number of competitors, potential or
existing, must be sufficient to exclude extraordinary
income;

3. Economic units must have an adequate
knowledge of market opportunities;

4. There must be freedom (from social relations)
to act in accordance with this knowledge;

5. It takes enough time for the direction and
volume of the flow of resources to respond to the
wishes of the owners.

The founder of competition theory, M. Porter
interprets the term «competitive environment» as a
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set of qualitative and quantitative indicators that
characterize the state of competition. Thus, the
competitive environment can be considered as the
main characteristic of the market, which is
determined by a set of factors and conditions that
affect the functioning of business entities, as well as
their relationships in the process of competition, and
it is denoted by a system of qualitative and
quantitative indicators [1].

A competitive environment is emerging in
different markets and areas. To identify a competitive
environment, we can use the following methods:
analytical, expert and simulation. For a better
understanding, a table for identifying a competitive
environment is compiled (Table).

Stage pricing in market conditions is an
important element in the development of economic
mechanism of production, provides supply and
demand balance, affects the interests and needs of
society [2]. Need to know and be able to use pricing
methods correctly, because the inefficient use of these
methods will have a negative impact on the
development of production and consequently on the
economy of the country.

The main purpose of national producers is to
set prices based on costs, changes in the market
structure, research on the competitive environment
and consumer sensitivity to prices. All this is required
to formulate a strategy for the development of
business entities and to solve pricing problems [3]:

– determine pricing methods;
– adaptation of the price to the constantly

changing market environment;
– the elasticity of demand and the impact of

price changes on consumers;
– the impact of competition on pricing.
The pricing policy of the company for the

planning period is based on the following basic
principles: orientation to increase sales; focus on
increasing profits; focus on maintaining its existing
market segment; focus on keeping costs and profits
at a level already reached at the beginning of the
planning period.

Buyers, competitors, and costs have the biggest
impact on pricing. In setting prices, the manager
must look at the product through the eyes of the
consumer.

The purpose of the research is to study and
describe the application of basic mathematical models
of price forecasting in a competitive environment.

The main material
Knowing the technology of competing firms,

their production capacity, production space, logistics,
development strategy is easier to set prices for their
products.

The market economy development strategy is
embodied in the development of strategic, forward-
looking and current plans (budgeting).

The basis for pricing must be the normative
(planned) cost (or estimate) of products according
to the planned nomenclature, assortment and norms
as of the beginning of the planning period using cost
calculation using the «coverage» method. Moreover,
the baseline must characterize the level of costs and
profit already achieved at the beginning of the
planning period.

The most common pricing methods are the
method of pricing based on the use of cost
information and enterprise costs.

An economically justifiable form of cost-based
pricing is pricing on principle «cost-plus». If the
market does not impose rigid conditions, then the
manager setting the price, must be guided by the
following formulas: production variable costs plus
margin; total variable costs plus margin; production
cost plus margin; full cost plus margin.

The mark-up can be calculated on the basis of:
variable production costs; full production cost; total
variable costs; total cost.

Consider the models of calculating the price
per unit of production for different pricing methods
[4].

1) a pricing model based on variable production
costs:

0P vc vc M /100,     (1)

where P0 –  the price per unit of production, UAH;
M – mark-up, %; vñ – variable production costs
per unit, UAH.

bр fpc оe
M ,

х vc

 



  (2)

Methods for identifying a competitive environment

Title Analytical method Expert method Simulation method 

The essence 

Non-contact valuation methods (statistical 

characteristics of the activity of competitive 

enterprises in the market, marketing 

matrices reflecting the competitive position 

of the firm and its goods, methods of 

economic espionage) 

Expert assessment 

methods, hypotheses and 

forecasting options for 

market behavior, tactics 

and strategy 

The use of simulation models 

that are developed on the basis 

of marketing observation and 

allow to «play» on the computer 

various variants of competition 
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where bp – budget profit, UAH;  fpc –  fixed
production costs, UAH;  oe – operating expenses,
UAH; x – production volume, units.

2) a model of pricing based on full production
cost:

0P pc pc M /100,     (3)

where pc – is the production cost of a unit of
production.

bр оe
M ,

х pc





  (4)

3) a pricing model based on common variable
costs:

0P tvc tvc M /100,     (5)

where tvc – total variable costs, UAH.

bр tfc
M ,

х tvc





  (6)

where tfc – total fixed costs, UAH.
4) full cost pricing model:

0P tc tc M /100,     (7)

where tc – total cost of a unit of production, UAH.

bр
M .

х tc



  (8)

Various methods can be used to forecast prices
in a competitive environment, such as the balance
method, the peer review method, the regulatory
method, and the extrapolation method.

Consider time series models. Today there are
many methods for predicting time series. The most
common of these are moving averages, autoregressive
methods, neural network methods, and singular
spectrum analysis. Some of them work well for
stationary time series, while the success of predicting
non-stationary series depends heavily on their subject
area.

Time series is statistics collected at different
points in time about the values of any parameters
(in the simplest case of one) of the process under
study. Detecting the structure of the time series is
necessary in order to build a mathematical model of
the phenomenon that is the source of the time series
being analyzed.

An autoregressive model is a time series model
in which the values of the time series are now linearly
dependent on the previous values of the same series.
The autoregressive order process is defined as follows:

p

t i t i t

i 1

x c a x ,




       (9)

where a1,….., ap  – model parameters (autoregression
coefficients); c – constant; t – white noise.

The Moving Average Autoregression Model
(ARMA) is a mathematical model for analyzing and
predicting stationary time series, which is a
generalization of the autoregressive model and the
moving average model.

The ARMA model (p, q), where p and q are
integers that specify the order of the model, is called
next process of generating a time series xt:

p q

t t i t i j t j

i 1 j 0

x c a x b ,
 

 

          (10)

where  b0,….., bq – moving average coefficients.
ARMA processes have a more complex

structure than similar lybehavioral auto-regression
models or sliding average models inpure form, but
ARMA models are characterized by fewer parameters,
which is one of the iradvantages [5].

Integrated sliding average autoregression model
(ARIMA) is anextension of the ARMA model for
non-stationary time series, which can be
madestationary by determining the difference of some
or derfrom the original time series (the so-called
integrated or difference time series). It has the
following form:

p q
d d

t t i t i j t j

i 1 j 0

x c a x b ,
 

 

           (11)

where d – the operator of the difference of the
time series of the order d (sequential determination
of d times the differences of the first order – first
from the time series, then from the obtained
differences of the first order, then from the second
order, etc.) [4].

ARIMA’s approach to time series is that the
stationarity of the series is evaluated first. Different
tests reveal the presence of single roots and the order
of integration of the time series (usually limited to
the first or second order). Further, if necessary (if
the order of integrability is greater than zero), the
series is converted by determining the difference of
the corresponding order, and already for the
transformed model some ARMA model is built, since
it is assumed that the obtained process is stationary,
unlike the original non-stationary process (difference-
stationary or integrated order d process) [6].

Consider the method of neural network
prediction performed using neural networks. Thanks
to scientific and technological progress there is a
way to achieve the maximum effect in the field of
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forecasting with the help of «artificial intelligence»,
when the computer itself can learn, because as the
number of information resources used in the model
increases, the accuracy of the forecast increases, and
uncertainty in decision making is diminished, this is
possible through the use of neural networks.

Neural networks are a section of artificial
intelligence that uses phenomena similar to what
happens in neurons of living things to process signals.

The main feature of the network, which testifies
to its wide capabilities and high potential, is a
technique that can significantly speed up the
information processing process, and the network
becomes resistant to errors that may occur on some
lines. An artificial neuron is the basis of any artificial
neural network. Neurons are relatively simple, the
same elements that mimic the work of brain neurons.

Each artificial neuronis created by analogy of
nerve cells in the human brain. The artificial neuronal
so, like its natural prototype, has a group of synapses
(inputs) that are connected to the outputs of other
neurons, as well asanaxon – the output connection
of that neuron – from where the excitation or
inhibition signal comes to synapses of other neurons.
It is obvious that the actions of the neural network
depend on the magnitudes of the synoptic
connections. Therefore, when designing a neural
network structure that is appropriate for a particular
task, the developer must determine the optimal values
for all weights. This stage is called learning of the
neural network, and how well it will perform depends
on the ability of the network to so lveits problems.

The main parameters of training are the quality
of selection of weights and time spent on training.
Currently, all algorithms for learning neural networks
can be divided in to two large classes: with a teacher
and without a teacher. The network learns to give
many outputs for some set of inputs. Each such input
or output is considered by the developers as a vector.
Training is done by consistently presenting the input
vectors while a djusting the weights according to a
certain procedure. In the process of learning the
weights of the network gradually become such that
each input vector producesan output vector.

Forecasting the short and long term trends of
the stock markets includes the following steps:

1) gathering and preservation statistical
information;

2) identification of the forecasted value
instrument and a set of factors influencing the studied
market;

3) determining the relationships between the
predicted values and sets of influential factors in the
form of a function;

4) calculating the required values and
determining the type of forecast (long or short).

For good forecast it is necessary to use

qualitatively prepared data, as well as a neuropackage
with higher functionality. A large number of
specialized programs are assigned to work with neural
networks, some of which are more versatile and other
sarehighly specialized. Let us brie fly look at some
ofthe programs used [7]:

1) Matlab – desktop laboratory for
mathematical calculations, design of electrical circuits
and modeling of complex systems;

2) Statistica – a powerful enough tool that is
used to find and analyze data and identify statistical
patterns;

3) NeuroShellDayTrader – a neural network
system that takes into account the specific needs of
traders, although it is easy to use, the program is
very specialized, it is suitable for trading, but in
essence very close to the black box;

4) BrainMaker – this package is intended for
solving such problems for which formal methods and
algorithms are not found yet, the input data is
incomplete, noisy and contradictory.

Conclusions
In this article, studies were conducted in the

areas of competitive environment detection, pricing
formation and pricing methods. Competition is a
mechanism of competition, the struggle of market
structures for the right to find their buyer and for
the opportunity to sell their goods on the most
favorable terms. The competitive environment can
be identified by three methods: statistical analysis,
expert judgment and simulation models. To set the
price for a product or service correctly, you need to
know the market and your competitors and then use
the pricing methods considered to set your price.

Purely econometric forecasting does not provide
very accurate forecasts of the time, size and duration
of economic cycles. This is especially true for long-
term economic forecasts. However, the flexibility
and continuous refinement of econometric
forecasting in comparison with estimated forecasting
do make efforts to build an econometric model and
forecasting useful. Econometric models are in
themselves cannot track business cycles well, they
provide a clear and well-organized structure within
which to make predictions to improve the power of
theory. The advantage of econometric models is that
they can be easily identified and, therefore, attempt
to correct the weaknesses in the model structure
and the assumptions underlying the forecast.
Subjective forecasting of the same number of variables
on a regular basis can be very time consuming.

Finance is extremely non-linear, and sometimes
stock price data can even seem completely random.
Traditional time series methods, such as the ARIMA
and GARCH models, are only effective if the series
is stationary, which is a limiting assumption that
requires pre-processing the series by receiving journal
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returns (or other transformations). However, the main
problem arises when implementing these models in
a real trading system, as there is no guarantee of
stationarity when adding new data. They are
struggling with it through neural networks that do
not require any stationarity. In addition, neural
networks are inherently effective in linking data to
using it to predict (or classify) new data.
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ÌÀÒÅÌÀÒÈ×ÍÅ ÌÎÄÅËÞÂÀÍÍß ÏÐÎÃÍÎÇÓ Ö²Í Â
ÊÎÍÊÓÐÅÍÒÍÎÌÓ ÑÅÐÅÄÎÂÈÙ²

Ôåäóëîâà Ñ.Î., Êîì³ðíà Â.Â., Êîøåëºâà Â.Þ., Ïèñàðüêîâà Â.Ð.

Ó äàí³é ñòàòò³ áóëè çä³éñíåí³ äîñë³äæåííÿ â ñôåðàõ
âèÿâëåííÿ êîíêóðåíòíîãî ñåðåäîâèùà, ôîðìóâàííÿ ö³íîóòâî-
ðåííÿ ³ ìåòîä³â ðîçðàõóíêó ïðîãíîçó ö³í. Êîíêóðóþ÷å ñåðåäîâè-
ùå óòâîðþºòüñÿ íà ð³çíèõ ðèíêàõ ³ ñôåðàõ. Äëÿ âèÿâëåííÿ êîí-
êóðåíòíîãî ñåðåäîâèùà ìîæíà âèêîðèñòîâóâàòè òàê³ ìåòî-
äè: àíàë³òè÷íèé, åêñïåðòíèé ³ ³ì³òàö³éíèé. Îòæå, äîñë³äæå-
íî òà îïèñàíî çàñòîñóâàííÿ îñíîâíèõ ìàòåìàòè÷íèõ ìîäåëåé
ïðîãíîçó ö³í â êîíêóðåíòíîìó ñåðåäîâèù³. Åòàï ôîðìóâàííÿ
ö³íè â ðèíêîâèõ óìîâàõ âèñòóïàº âàæëèâèì åëåìåíòîì ðîç-
âèòêó ãîñïîäàðñüêîãî ìåõàí³çìó âèðîáíèöòâ, çàáåçïå÷óº âð³âíî-
âàæåííÿ ïîïèòó òà ïðîïîçèö³¿, âïëèâàº íà ³íòåðåñè òà ïî-
òðåáè ñóñï³ëüñòâà. Ðîçãëÿíóòî îñíîâí³ ìåòîäè âèÿâëåííÿ êîí-
êóðåíòíîãî ñåðåäîâèùà, íàéá³ëüø ïîøèðåí³ ìåòîäè âñòàíîâ-
ëåííÿ ö³íè ³ âèâ÷åíî ìåòîä ÷àñîâèõ ðÿä³â òà ìåòîä íåéðîìåðå-
æåâîãî ïðîãíîçóâàííÿ äëÿ çä³éñíåííÿ ïðîãíîçó ö³í â êîíêóðåíò-
íîìó ñåðåäîâèù³. Àêòóàë³çîâàíî, ùî ñóá’ºêòèâíå ïðîãíîçóâàí-
íÿ îäíîãî ³ òîãî æ ÷èñëà çì³ííèõ íà ðåãóëÿðí³é îñíîâ³ ìîæå
áóòè äóæå òðóäîì³ñòêèì. Âèçíà÷åíî, ùî ç’ÿâèâñÿ ñïîñ³á äî-
ñÿãòè ìàêñèìàëüíîãî åôåêòó â îáëàñò³ ïðîãíîçóâàííÿ çà äîïî-
ìîãîþ «øòó÷íîãî ³íòåëåêòó», êîëè êîìï’þòåð ñàì ìîæå íà-
â÷àòèñÿ, àäæå ïðè ï³äâèùåíí³ ê³ëüêîñò³ ³íôîðìàö³éíèõ ðåñóðñ³â,
ÿê³ âèêîðèñòîâóþòüñÿ â ìîäåë³, ï³äâèùóºòüñÿ òî÷í³ñòü ïðî-
ãíîçó, à çáèòîê, ïîâ’ÿçàíèé ç íåâèçíà÷åí³ñòþ ïðè ïðèéíÿòò³
ð³øåíü, çìåíøóþòüñÿ, ³ öå ìîæëèâî çàâäÿêè âèêîðèñòàííþ
íåéðîííèõ ìåðåæ. Ô³íàíñè âêðàé íåë³í³éí³, ³ ³íîä³ äàí³ ïðî ö³íè
íà àêö³¿ ìîæóòü íàâ³òü çäàâàòèñÿ àáñîëþòíî âèïàäêîâèìè.
Òðàäèö³éí³ ìåòîäè ÷àñîâèõ ðÿä³â, òàê³ ÿê ìîäåë³ ARIMA ³
GARCH, åôåêòèâí³ ò³ëüêè â òîìó âèïàäêó, ÿêùî ðÿä º ñòàö³-
îíàðíèì, ùî º îáìåæóþ÷èì äîïóùåííÿì, ÿêå âèìàãàº ïîïåðåä-
íüî¿ îáðîáêè ðÿäó øëÿõîì îòðèìàííÿ æóðíàëüíèõ ïîâåðíåíü
(àáî ³íøèõ ïåðåòâîðåíü). Ïðîòå, îñíîâíà ïðîáëåìà âèíèêàº ïðè
ðåàë³çàö³¿ öèõ ìîäåëåé â ðåàëüí³é òîðãîâåëüí³é ñèñòåì³, òàê ÿê
íåìàº ãàðàíò³¿ ñòàö³îíàðíîñò³ ïðè äîäàâàíí³ íîâèõ äàíèõ. Ç
öèì áîðþòüñÿ çà äîïîìîãîþ íåéðîííèõ ìåðåæ, ÿê³ íå âèìàãà-
þòü áóäü-ÿêî¿ ñòàö³îíàðíîñò³. Êð³ì òîãî, íåéðîíí³ ìåðåæ³ çà
ñâîºþ ïðèðîäîþ åôåêòèâí³ â çíàõîäæåíí³ çâ’ÿçê³â ì³æ äàíèìè
³ âèêîðèñòàííÿì ¿õ äëÿ ïðîãíîçóâàííÿ (àáî êëàñèô³êàö³¿) íîâèõ
äàíèõ.

Êëþ÷îâ³ ñëîâà: ìîäåëþâàííÿ, ïðîãíîç, àíàë³ç äàíèõ,
ö³íà, êîíêóðåíòíå ñåðåäîâèùå.
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ÌÀÒÅÌÀÒÈ×ÅÑÊÎÅ ÌÎÄÅËÈÐÎÂÀÍÈÅ ÏÐÎÃÍÎÇÀ
ÖÅÍ Â ÊÎÍÊÓÐÅÍÒÍÎÉ ÑÐÅÄÅ

Ôåäóëîâà Ñ.À., Êîìèðíàÿ Â.Â., Êîøåëåâà Â.Þ., Ïèñàðüêîâà Â.Ð.

Â äàííîé ñòàòüå áûëè ïðîâåäåíû èññëåäîâàíèÿ â ñôåðàõ
âûÿâëåíèÿ êîíêóðåíòíîé ñðåäû, ôîðìèðîâàíèÿ öåíîîáðàçîâà-
íèÿ è ìåòîäîâ ðàñ÷åòà ïðîãíîçà öåí. Êîíêóðèðóþùàÿ ñðåäà
îáðàçóåòñÿ íà ðàçëè÷íûõ ðûíêàõ è ñôåðàõ. Äëÿ âûÿâëåíèÿ êîí-
êóðåíòíîé ñðåäû ìîæíî èñïîëüçîâàòü ñëåäóþùèå ìåòîäû: àíà-
ëèòè÷åñêèé, ýêñïåðòíûé è èìèòàöèîííûé. Òàêèì îáðàçîì,
èññëåäîâàíî è îïèñàíî ïðèìåíåíèå îñíîâíûõ ìàòåìàòè÷åñêèõ
ìîäåëåé ïðîãíîçà öåí â êîíêóðåíòíîé ñðåäå. Ýòàï ôîðìèðîâà-
íèÿ öåíû â ðûíî÷íûõ óñëîâèÿõ âûñòóïàåò âàæíûì ýëåìåíòîì
ðàçâèòèÿ õîçÿéñòâåííîãî ìåõàíèçìà ïðîèçâîäñòâ, îáåñïå÷èâà-
åò óðàâíîâåøèâàíèÿ ñïðîñà è ïðåäëîæåíèÿ, âëèÿåò íà èíòåðå-
ñû è ïîòðåáíîñòè îáùåñòâà. Ðàññìîòðåíû îñíîâíûå ìåòîäû
âûÿâëåíèÿ êîíêóðåíòíîé ñðåäû, íàèáîëåå ðàñïðîñòðàíåííûå
ìåòîäû óñòàíîâëåíèÿ öåíû è èçó÷åíû ìåòîä âðåìåííûõ ðÿäîâ
è ìåòîä íåéðîñåòåâîãî ïðîãíîçèðîâàíèÿ äëÿ ïðîâåäåíèÿ ïðî-
ãíîçà öåí â êîíêóðåíòíîé ñðåäå. Àêòóàëèçèðîâàíî, ÷òî ñóáúåê-
òèâíîå ïðîãíîçèðîâàíèÿ îäíîãî è òîãî æå ÷èñëà ïåðåìåííûõ íà
ðåãóëÿðíîé îñíîâå ìîæåò áûòü î÷åíü òðóäîåìêèì. Îïðåäåëå-
íî, ÷òî ïîÿâèëñÿ ñïîñîá äîñòè÷ü ìàêñèìàëüíîãî ýôôåêòà â
îáëàñòè ïðîãíîçèðîâàíèÿ ñ ïîìîùüþ «èñêóññòâåííîãî èíòåë-
ëåêòà», êîãäà êîìïüþòåð ñàì ìîæåò ó÷èòüñÿ, âåäü ïðè ïîâû-
øåíèè êîëè÷åñòâà èíôîðìàöèîííûõ ðåñóðñîâ, èñïîëüçóåìûõ â
ìîäåëè, ïîâûøàåòñÿ òî÷íîñòü ïðîãíîçà, à óùåðá, ñâÿçàííûé ñ
íåîïðåäåëåííîñòüþ ïðè ïðèíÿòèè ðåøåíèé, óìåíüøàþòñÿ, è
ýòî âîçìîæíî áëàãîäàðÿ èñïîëüçîâàíèþ íåéðîííûõ ñåòåé. Ôè-
íàíñû êðàéíå íåëèíåéíûå, è èíîãäà äàííûå î öåíàõ íà àêöèè
ìîãóò äàæå êàçàòüñÿ àáñîëþòíî ñëó÷àéíûìè. Òðàäèöèîííûå
ìåòîäû âðåìåííûõ ðÿäîâ, òàêèå êàê ìîäåëè ARIMA è GARCH,
ýôôåêòèâíû òîëüêî â òîì ñëó÷àå, åñëè ðÿä ÿâëÿåòñÿ ñòàöèî-
íàðíûì, ÷òî ÿâëÿåòñÿ îãðàíè÷èâàþùèì äîïóùåíèåì, êîòîðîå
òðåáóåò ïðåäâàðèòåëüíîé îáðàáîòêè ðÿäà ïóòåì ïîëó÷åíèÿ
æóðíàëüíûõ âîçâðàòîâ (èëè äðóãèõ ïðåîáðàçîâàíèé). Îäíàêî,
îñíîâíàÿ ïðîáëåìà âîçíèêàåò ïðè ðåàëèçàöèè ýòèõ ìîäåëåé â
ðåàëüíîé òîðãîâîé ñèñòåìå, òàê êàê íåò ãàðàíòèè ñòàöèî-
íàðíîñòè ïðè äîáàâëåíèè íîâûõ äàííûõ. Ñ ýòèì áîðþòñÿ ñ
ïîìîùüþ íåéðîííûõ ñåòåé, êîòîðûå íå òðåáóþò êàêîé-ëèáî
ñòàöèîíàðíîñòè. Êðîìå òîãî, íåéðîííûå ñåòè ïî ñâîåé ïðèðî-
äå ýôôåêòèâíû â íàõîæäåíèè ñâÿçåé ìåæäó äàííûìè è èñ-
ïîëüçîâàíèåì èõ äëÿ ïðîãíîçèðîâàíèÿ (èëè êëàññèôèêàöèè) íî-
âûõ äàííûõ.

Êëþ÷åâûå ñëîâà: ìîäåëèðîâàíèå, ïðîãíîç, àíàëèç
äàííûõ, öåíà, êîíêóðåíòíàÿ ñðåäà.
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In this article, the research in the areas of competitive
environment detection, pricing formation, and pricing methods has
been conducted. A competitive environment is emerging in different
markets and areas. To identify a competitive environment, we can
use the following methods: analytical, expert and simulation. So, the
application of basic mathematical models of price forecasting in a
competitive environment has been investigated and described. Stage
pricing in market conditions is an important element in the

development of economic mechanism of production, provides supply
and demand balance, influences the interests and needs of society.
The basic methods of detection of the competitive environment, the
most common methods of pricing and the time series method and the
method of neural network forecasting for conducting the price forecast
in the competitive environment are considered. It is updated that
subjective forecasting of the same number of variables on a regular
basis can be very time-consuming. It was determined that there was
a way to achieve maximum effect in the field of forecasting with the
help of «artificial intelligence», when the computer itself can learn,
because by increasing the amount of information resources used in
the model, the accuracy of the prediction increases, and the damage
associated with uncertainty in decision making, they decrease, and
it is possible through the use of neural networks. Finance is extremely
non-linear, and sometimes stock price data can even seem completely
random. Traditional time series methods, such as the ARIMA and
GARCH models, are only effective if the series is stationary, which
is a limiting assumption that requires pre-processing the series by
receiving journal returns (or other transformations). However, the
main problem arises when implementing these models in a real trading
system, as there is no guarantee of stationarity when adding new
data. They are struggling with it through neural networks that do not
require any stationarity. In addition, neural networks are inherently
effective in linking data to using it to predict (or classify) new data.

Keywords: modeling, forecasting, data analysis, price, com-
petitive environment.
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