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AHOTAIIISA

Ky3nuenos B.B. Po3po6xka iHdopmarliiiHoi cucTeMu Ha OCHOBI HEHPOHHUX MEpex
JUTSL BUSIBJICHHS TT1APOOJIEHUX 300paKe€Hb, CTBOPEHUX T€HEPATUBHUMHU MOJACIISMU

VY it po6oTI AOCHIKEHO PO3POOKY 1HPOPMAIIIHHUX CUCTEM 13 3aCTOCYBAaHHSIM
Cy4aCHHX METO/IiB TIMOOKOTO HaBYaHHS, CIIPSIMOBAHHUX Ha BUSBJICHHS ITiPOOICHUX
300paXeHb, CTBOPEHUX T'€HEPATUBHUMHU MOJICISIMU. PO3TIISIHYTO TEOpEeTHYHI aclieKTH
00poOKHU 300pakeHb, pOOOTH HEMPOHHUX MEPEXK Ta iX 3aCTOCYBAHHS JIJIsl BUPIILICHHS
3amay kinacudikarii. [IpoBeneHo ormsa cydacHUX IMiIXO/IB 10 BUSBIICHHS CHHTCTHYHUX
300paKkeHb, aHaJI3 iX IepeBar Ta 0OMEKEHb.

Byno peaizoBaHo KJIFOUOBI KOMIIOHEHTH CUCTEMHU, BKIIIOUAIOYU MOIYJI1
nonepeaHboi 00poOKH TaHUX, HABYAHHS MOJEJIEH Ta 1X BUKOPUCTAHHS JJI aHAJI3y
300paxeHb. CucTeMa HaJa€ MOXKIIMBICTh THYUKOi YCTAHOBKH IapaMeTpiB.

PesynbraTom poOOTH cTana MOBHOIIHHA CUCTEMA 3 BUCOKOIO TOUHICTIO
kiacuikariii 300pakeHb Ha peaibHi Ta MiapoOIIeHI.

KitrouoBi cnoBa: rimmboke HaBYaHHS, HEHPOHHI MEpEeX1, TeHepaTUBHI MOJEN,
kjacuikamis 300paxkeHb, BUSBIECHHS M1IPOOOK.

SUMMARY

Kuznietsov V.V. Development of an information system based on neural
networks for detecting forged images created by generative models

This work explores the development of information systems utilizing modern
deep learning methods aimed at detecting forged images created by generative models.
Theoretical aspects of image processing, neural network functionality, and their
application to classification tasks are examined. A review of current approaches to
synthetic image detection is conducted, highlighting their advantages and limitations.

Key components of the system were implemented, including modules for data
preprocessing, model training, and image analysis. The system provides flexible
parameter customization.

The result of this work is a comprehensive system with high accuracy in
classifying images as real or forged.

Keywords: deep learning, neural networks, generative models, image
classification, forgery detection.
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